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In my original Greenbook post on which this paper is based, I freely admitted my future – I am going to 

hell for writing this paper. Growing up in a Catholic neighborhood, my Catholic friends saw little hope for 

my immortal soul because I’m Jewish. Now, living in the Deep South of the United States, and my Born-

Again Christian friends just shake their heads and hope that I’ll come to my senses before my time is up.  

The heresy that will condemn me to an afterlife of misery is contained in the simple question: 

What if Big Data doesn’t work? 

We, as an industry, have created the mythos of Big Data, with very little reason to have done so. Very 

few people seem to be neutral on this topic, although I’m hoping that in the few months that intervene 

between the writing of this paper and today’s presentation, that we’ve become terribly bored by Big 

Data and the apostolic fervor of its proponents. Balancing my skepticism is a swarm of converts who see 

Big Data as nothing short of the next coming for Marketing Research. Whether they identify themselves 

as NextGen researchers, seekers of NewMR, or disciples of Lenny Murphy and his brand of disruptive 

innovation, there is an expectation that Big Data will fundamentally change how we do marketing 

research, how we think about marketing research, and how marketing research is viewed in the 

corporate world.  

The belief is held, and enthusiastically and emphatically espoused, that Big Data contains enough 

information about a person to predict their behavior with some level of statistical rigor.  This is in 

contrast to the older view of Big Data as the analogy to Asimov’s psychohistory. In his Foundation series 

of books and stories, Asimov posited a science of mass behavior, wherein the trends of a society were 

very predictable and susceptible to influence. The priests of Big Data, on the other hand, espouse 

modeling at the individual level as the promise of today. They envision a world where all data is 

connected and massive computers with magical powers reveal patterns unseen by the naked eye or 

even the cleverest of researchers. But again, before lightning strikes me and I’m sent to Limbo, or at 

least to Purgatory, I ask again: 

What if Big Data doesn’t work? 

Big Data’s promise relies on a set of assumptions, none of which may be valid. In fairness though, we do 

recognize that these may not be valid today but might be in the future. Let’s look at these assumptions: 

• Big Data assumes a deterministic view of the world, that a person’s behavior is predictable. We 

all believe this to some extent – otherwise we wouldn’t be in the research business. Science, by 

definition, makes the assumption that phenomena are explainable and predictable, and 

marketing research is science. But let’s go deeper into the implications of this assumption.  

 

o We will need to assume that a shopper’s behavior is consistent over time. When it is not 

consistent over time, as is often the case with cookie or breakfast cereal purchasing as 

an example, then we need to assume the different behaviors have a recognizable cause.  

For example, if I buy Raisin Bran almost every time I buy cereal, but switch to Cocoa 



Puffs when they are on sale, I am consistent and my deviations from consistency are 

explainable. If, on the other hand, I also occasionally buy Apple Jacks, and for no 

discernible reason other than I didn’t buy them the last time, modeling my behavior will 

not be possible. 

o We will need to assume that the determinants of shopping behavior operate in a 

homogenous manner across categories within individuals or across individuals of some 

cohort within categories, or across categories and individuals. At some level of 

specification, we need to build a model of response to stimuli. For example, we might 

build a model of exposure to advertising that says I won’t switch to a new cereal until 

I’ve seen the TV ad at least three times. Or we might determine that I don’t switch to 

anything new without seeing three ads. Or we might build a model that says nobody 

switches to a new cereal without at least three exposures to a TV advertisement. Or, we 

may build a model that says nobody switches from their current anything without at 

least three exposures. The point is that whatever the determinants are, they operate 

consistently enough at some level so that you can actually build a model of that 

behavior and use it for prediction.  

o We have little reason to believe that either condition holds at the individual level. First, 

people are inconsistently consistent – in some areas they are extremely brand loyal and 

in others either not at all or loyal to a set of products. Anyone who has done “shop-

alongs” has heard the answer to why a product was chosen, “gee, it looked 

good/interesting/tasty” repeatedly. All of that is indicative of inconsistency, which will 

keep models of individual choice forever unsatisfying. Second, we as an industry have 

found prediction to be well beyond our reach. When 80% of new product introductions 

in the U.S. fail and we cannot predict trade promotion impact from the reams of scanner 

data we have, we need to question whether we will ever have models that predict 

consumer choice sufficiently.   

 

• Big Data assumes sufficient acquisition of all the causal factors involved in making a decision and 

this is unlikely to be true.  Brian Singh, in his 2013 Greenbook blog, is excited by the fact that we 

may now have all the behavioral data for “the desire-awareness-intention-engagement-

purchase-loyalty cycle”.  Like most True Believers, he skips over the evidence of this claim – let 

us not be so hasty.  

o The cycle assumes that shoppers are involved in a monitored search process – 

otherwise, how would we know what desire, attention, and engagement levels exist. For 

those few of you in our industry who are involved in research on durables or services, 

pardon me for a moment while I talk to the rest of us. This is so not true for so much of 

what we shop for in our daily lives.  We make many more decisions about grocery 

products than we do about all other categories combined. With that in mind, think 

about how often you involved in search behavior for toothpaste, toilet paper, and 

breakfast cereal. This is not an activity which many people often engage in. So for much 

of what we purchase, we don’t know the intra-personal aspects of the decision.  

o We might know the external antecedents of a purchase decision, such as media 

exposure and media engagement, if someone were to (a) completely abandon all 

personal privacy options and (b) only used a connected device to interact with media. 



Yes, we understand there are people with tablets or smart phones who watch TV, listen 

to the radio, and surf the web only on this one wireless device. And yes, these people 

may not care that their every touch is recorded somewhere. For these people, we may 

have a full reckoning of their exposure to various persuasive messages. Such a complete 

record (and complete is a requirement for Big Data to be accurate) is unlikely to exist for 

most of the populace.  

o Purchase and loyalty are known to those outside the purchaser-retailer relationship only 

when the purchaser has consciously given up the right to privacy. Kroger, Wal-Mart, and 

Amazon are not telling anybody else what you are buying – you, the purchaser, have to 

choose to make that data public. Yes, I know they may be aggregating data or making it 

anonymous – for the purpose of Big Data and the desire-loyalty cycle, that’s useless. 

o Let’s put this all together. Big Data would have to have a radio meter in my car, the 

ability to hack into Comcast’s files to see what I’m watching (assuming they even keep 

this), a website tracker on my three computers that I use regularly, eye-tracking data 

from my morning newspaper reading, access to my Amex and Visa cards and my Kroger 

Plus card and Publix frequent shopper card in order to have a shot at modeling my 

behavior. Big Data, as the Acolytes conceive it, only works if it has all the relevant data, 

and it is unlikely that will ever occur. 

 

• Big Data assumes we know how to ask the proper questions and this may not be true. In 

ecclesiastical terms, Big Data lacks a liturgy. It is a movement much like Unitarian Universalism – 

it borrows from a little bit of everything and purposely defies definition. Because of its lack of 

scientific structure, Big Data does not impose a set of questions or a way of thinking on its use. 

This is both its strength and its weakness. 

o  Big Data is only as smart as the researcher who is querying the database or creating the 

analytical models. Therefore, the sky is the limit with what you can achieve and there 

are no brakes on your skid into ignominy. The Target and the Pregnant Teen case is a 

great example of both the highs and the lows of Big Data; a great question by the 

marketing team, a great piece of statistical work by the researcher, and a program 

execution gone horribly wrong. 

o Contrary to some popular conceptualizations, Big Data is not magic. It does not 

recognize patterns on its own, nor does it create statistical models on the fly. Analyzing 

this data requires extensive data preparation (you didn’t really think the data came pre-

tagged for merging different sources together, did you?). Models need to be chosen and 

explicated; should they be linear, Bayesian, structural equation, or take some other 

form. Results need to be checked for rationality; are there colinearity biases, Heywood 

cases, etc. that make the results suspect. 

o The outcomes from Big Data are not necessarily intuitive. Just because you are able to 

create a model for a given behavior or just because you find a high and interesting 

correlation between two pieces of data does not mean anyone knows what to do with 

it. This is why the apocalyptic end of marketing research as we know it will not happen. 

Those who decry the intrusion of outsiders into our province forget about this crucial 

feature – you need to know what the analysis means in order for Big Data to make 



marketing sense. Companies like Equifax and IBM may be great at crunching large 

amounts of data, but when it comes to consumer package goods, they have no clue as 

to what to do with the answer they get. It’s not clear that marketers actually know what 

they are doing either, as this cartoon from Dilbert suggests. 

 

Old-time religion would lead us to expect fire and brimstone to rain down on those of us doubting the 

“obvious” value of Big Data – so just in case, it’s probably a good idea for me and you to be physically 

distant. Here’s my attempt at salvation:  

Even if everything I say is true or comes true, the talk around Big Data has people looking at the data 

they have in hand and re-thinking its value in a positive way. Most CPG/FMCG manufacturers buy 

syndicated data, which includes both retail movement and household panel purchasing. There is a 

wealth of untapped information in these databases. Many retailers are willing to share, or sell at a 

reasonable price, their loyalty card purchasing data (made anonymous, of course). While this has the 

limitation that it represents only a retailer’s better customers, there is still much to be learned about 

how shoppers shop products. While the capability of creating single source data, covering a variety of 

advertising, promotion, and purchasing mediums may be far off, there are some people who are part of 

that world now. Understanding their behavior, while recognizing their non-representativeness, will lead 

the way for future enhancements as measurement tools grow. 

I’m off to do my penance now. Mea culpa, mea culpa, mea maxima culpa. 
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